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Al evaluation is the practice of testing a model against held-out, task-specific data before it reaches production —
measuring accuracy, failure modes and behaviour under real inputs rather than demo conditions.

What happens when Al ships without evaluation?

A mid-sized insurance company spent eight months building an Al assistant to handle customer claims queries. The
technology was impressive. The demos were smooth. Leadership signed off. It launched on a Monday morning.

By Wednesday, the calls were coming in. The Al was giving customers incorrect information about their policy
coverage — reassuring some that claims would be approved when they would not be, and quoting wrong waiting
periods to others. Within two weeks the company pulled the system offline and began again.

The technology was not broken. The Al could hold a conversation and respond fluently. What it had never done was
face a proper evaluation before going live. Nobody had systematically tested whether its answers were actually
correct. This story plays out across industries every month — and it is almost entirely preventable.

What is Al evaluation?

Al evaluation is the process of testing an Al system before you trust it with real customers or real decisions. Think of it
as a driving test. You would not hand someone the keys because they read the manual and watched a few videos. You
test them in real conditions, with a trained examiner watching, before they go out on their own.

Al evaluation works the same way. Before deployment you run the system through realistic scenarios, have experts
review its answers, identify where it goes wrong, and close those gaps. Only then does it meet real users. Most
enterprises rush this step because they are eager to launch — and the cost of that shortcut is almost always higher
than the evaluation itself.

What are the six stages of a proper evaluation?

¢ Define goals. Establish clear objectives for what the Al must do and what success looks like.
* Prepare test data. Build diverse, real-world datasets that stress-test the model properly.

* Run Al tests. Execute structured tests across scenarios, edge cases, and user types.

* Human review. Expert reviewers assess outputs for accuracy, tone, bias, and safety.

® Fix and retrain. Turn evaluation findings into better training data so the model improves.

* Deploy with confidence. Release only once every quality gate has been cleared.

Stage four is the one most often skipped, because it takes time and cannot be automated. It is also the most valuable:
it is where the subtle errors that automated checks never catch are discovered.



Why do enterprises keep skipping evaluation?

The pattern is predictable. The project runs long. Budget pressure builds. Someone asks why the evaluation phase
cannot be shortened, since the demos look good. A handful of test cases are run internally, obvious bugs are fixed,
and the system goes live.

The problem is that internal teams test what they expect the Al to be asked. Real users ask things nobody anticipated,
phrase questions differently, and come from different cultural and linguistic backgrounds. Without structured
evaluation by people who were not involved in building the system, those failure modes stay hidden until they become
public problems.

In 2024 a tribunal held a major airline responsible after its chatbot gave a customer incorrect information about
bereavement fare policies. The customer relied on that information to book travel; when the airline refused to honour
the fare the chatbot had described, the tribunal ruled the airline accountable for what its chatbot said. A structured
evaluation with human reviewers checking edge cases would have caught it before it ever reached a customer.

What should a good evaluation test?

Coverage of the failure surface, not volume. A held-out set that never contains the edge case will never catch it, which
is why evaluation data is built to the same 95%+ accuracy bar as training data and reviewed by 2 independent passes
rather than 1.

Most people assume evaluation simply checks whether the Al gives correct answers. It is much broader. A thorough
evaluation examines accuracy, whether answers are factually correct; intent understanding, whether the system
grasps what users mean rather than what they typed; tone, whether it fits your brand and context; safety, whether it
handles sensitive topics appropriately; consistency, whether it performs reliably across languages and regions; and
hallucination detection, catching cases where the model confidently states something untrue.

Hallucination is the most dangerous of these. The model does not flag its own uncertainty — it answers in the same
confident tone whether it is completely right or completely wrong. Without reviewers trained to spot those errors, they
pass straight through to customers.

How does Lifewood run evaluation?

Evaluation sets are built to the same standard as training data: a customer-approved gold set, a 95%+ accuracy SLA,
and a 95%+ inter-annotator agreement threshold, delivered across 50+ languages from 40+ delivery centers. The
review capacity behind that is staffed rather than assumed — 414,120 training hours across the Bangladesh workforce
during 2025. Held-out data is kept strictly separate from training data, because a test set the model has already seen
measures nothing.

Lifewood builds evaluation datasets and staffs the human review layer that scores them, across 50+ languages and
40+ delivery centers. That work feeds directly back into training data through our QA process and Al data validation
service lines, so an evaluation cycle does not just produce a report — it produces the corrected data that makes the
next model version better.


https://www.lifewoodtech.com/qa-process
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